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can get away with, it’s legal”5 because politicians, Attorneys 
General, and the private bar are watching!

II.  Land of Confusion: Gwendolyn’s Rule  
Number One
In recent years, the question of what can “Bob” do has 
become trickier as algorithmic pricing has given way to arti-
ficial intelligence pricing. While that is the case, and forgive 
me for being pedantic, many enforcers and members of the 
antitrust bar incorrectly retain the older name, with the idea 
that it’s all the same. 

It is not the same, and the difference is a crucial one for 
legal professionals trying to advise clients on where exactly 
the line is.

In the last five years we have seen a number of enforcers 
make public comments about the scourge of algorithmic 
pricing when talking about artificial intelligence. Technol-
ogists tend to snicker behind their hands when they hear 
that. Why? Let’s begin with an important distinction. Arti-
ficial Intelligence is not an Algorithm. Artificial Intelligence 
is distinct from algorithms, because artificial intelligence 
thinks for itself—it does not just follow a prompt or a for-
mula, it thinks about the entire scope of a problem, it is 
heuristic—and only loosely follows general parameters.6 

For completeness sake, beyond algorithms and AI, some-
where in the middle are machine learning or inference-based 
systems where the computers can learn over time which 
prices, as in this example, are most successful in terms of 
speed of uptake or highest margin.

For example, in this context you could prompt an artifi-
cial intelligence tool with a very simple formula: You are a 
landlord in Madison, Wisconsin. Please suggest a price for 
a newly refurbished two-bedroom rental unit with a dish-
washer and in-unit laundry.7 

With artificial intelligence, it will consider things not in 
the prompt: how fast do you want to rent this particular 
unit? Is it in the Atwood neighborhood or near UW Hospi-
tal—correctly noting that these are high-demand areas. The 
AI chatbot will then give you a suggested price: 

Option A. Maximum Market Pricing
If in high-demand neighborhoods (Capitol, William-
son-Marquette, Atwood, or near UW Hospital), and fin-
ishes are modern (stainless steel appliances, luxury vinyl 
flooring, high-end fixtures):

	■ List at $2,100–$2,300/month
	■ Expect young professionals, medical residents, or uni-

versity staff as tenants.

Option B. Competitive Fast-Rent Pricing
If your priority is immediate occupancy and lower vacancy:

	■ List at $1,900–$2,000/month
	■ You will fill the unit quickly while maintaining strong 

rental yield.
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I.  Introduction
People hate algorithmic pricing, dynamic pricing, pricing 
by artificial intelligence—the whole lot. They hate the idea 
that some robot is going to pull their credit report, moni-
tor their Facebook messages and price their bottle of wine, 
“Wiholl T-Shirt Dress,”1 or apartment, or flight based on 
their spending habits and stated or imagined desires. And 
rightly, they also hate the idea that pricing might consider 
their race or gender. However, when it comes to the future 
of artificial intelligence pricing, should we worry, “[i]t’s 
going to be: Whatever you can get away with, it’s legal”2 ?

The first problem is that we lump together “the whole lot” 
as algorithmic pricing, but there are nuances there that will 
either be clarified by savvy legislators on the front end, or 
through courts doing cleanup crew duties on the back end.

Generally, in antitrust land, when we talk about algo-
rithmic pricing, we narrowly focus on algorithmic collusion 
and the classic hub and spoke conspiracies as alleged in the 
US DOJ and State Attorneys General RealPage cases, or the 
claims rejected by the court in Hotels. These are what Mau-
reen Ohlhausen termed the “Bob” problem, “If Bob can’t do 
it, then neither can your algorithm.”3

But this is only the tip of the iceberg. The real antitrust 
issue isn’t just algorithmic collusion—we have the vehicles 
to get at that: conspiracies are already illegal under §1 of the 
Sherman Act. The real antitrust issue is that ugly old statute, 
Robinson Patman, doesn’t reach things that aren’t products, 
and doesn’t really address consumers—so either we need 
to amend it or pass a nationwide law like that proposed in 
Congress by Congressman Casar (D-TX), to ban companies 
from using AI to set prices or wages based on our personal 
data4 or failing that, we’ll have to rely on the laboratories of 
democracy, the States. 

For those advising clients in this dynamic landscape, 
while there are practical ways to avoid falling into these 
traps, don’t advise your clients just yet that “whatever you 
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Avoid underpricing below $1,800 unless the unit has 
location drawbacks (no parking, basement-level, or older 
HVAC).”8 

Hard-coded algorithms are different. They are pro-
grammed by humans, using an if-then scenario and are 
deterministic: input goes in and output comes out. Prompt: 
Scan the price of two-bedroom rental units with dishwash-
ers and in-unit laundry in Madison, Wisconsin, and exactly 
match the highest price.

As a suggestion to avid state and federal legislators across 
the country, I recommend explicitly referencing that “algo-
rithmic” pricing encompasses everything from hard-coded 
algorithms through to artificial superintelligence, as well 
as everything in-between, like machine learning and infer-
ence-based systems. And if the concern is that artificial 
intelligence is doing the pricing, not a human, then the stat-
utes should be called artificial intelligence pricing. As a sug-
gestion to antitrust defense practitioners, it is the language 
of these statutes that is your loophole: If your client is using 
an algorithm, and the statute bans AI, then your client has 
a clear defense.

Reluctantly, I shall refer to “algorithmic” pricing through-
out this article despite its inaccuracy, so we know what we 
are talking about.

Now that we’ve tilted at that semantic windmill, let’s talk 
about the confused legal landscape.

III.  Antitrust 101: The Bob Cases
Discourse amongst antitrust practitioners about individu-
alized and surveillance pricing narrowly orbits around algo-
rithmic collusion and the classic hub and spoke conspiracies 
alleged in the US DOJ and State Attorneys General Real-
Page cases, or the ones rejected by the court in the Atlantic 
City Hotels case. These cases are what former Acting Federal 
Trade Commission Chairman Maureen Ohlhausen termed 
the “Bob” problem, “If Bob can’t do it, then neither can 
your algorithm”9, I would add, of course, and neither can 
your AI or machine-learning system.

To take a brief dive into this narrow orbit, of the handful 
of decided cases on algorithmic pricing, there are no clear 
lodestars in this small solar system. We see tried and true 
decisions: facts matter, and pleading matters. Because many 
of these cases end at the motion to dismiss phase, we can 
ascertain that to win plaintiffs must plead: first, how near in 
time the alleged conspiracy took place; secondly, the level of 
outsourcing; third, that courts can be persuaded by the price 
effect; and finally and probably most importantly, the alle-
gations must include where the “algorithm” gets its data—
and better for the plaintiffs if the algorithm sets prices from 
confidential business information. 

Starting first with the timing of the conspiracy in 
Cornish-Adebiyi v. Caesars Entertainment, where Cedyn’s 
predecessor—Rainmaker—produced software that used a 

pricing algorithm to provide recommendations to hotels in 
Atlantic City as to how to optimally price their rooms.10 
When analyzing this conduct, the Court looked at the par-
allel pricing allegations under Twombly, and correctly ruled 
that while parallel conduct is not illegal without plus fac-
tors, the Court finds that one must begin with the threshold 
inquiry about what is parallel. Things occurring simultane-
ously would certainly be considered parallel, but this case 
might be at the other extreme. After a “fourteen-year gap, 
coupled with the pricing authority the Casino-Hotels’ con-
tinued to retain and exercise, makes it quite implausible 
that  they  tacitly agreed to anything, much less to fix the 
prices of their hotel rooms.”11 

So, facts matter. When did the conspiracy take place? 
Fourteen years is too long. By contrast, RealPage’s facts 
are much closer in time. “These clients must also be will-
ing to “outsource [their] daily pricing and ongoing revenue 
oversight” to RealPage by accepting RealPage’s price recom-
mendations upwards of 80-90% of the time and allowing 
RealPage to set prices for their properties “as though [Real-
Page] own[s] them [itself ].”12 Essentially, the court viewed 
the daily optimal rent prices as a daily conspiracy. 

The RealPage decision also reflects the Court’s disen-
chantment with the second characteristic, outsourcing.

Outsourcing pricing only makes sense if you know 
everyone else is doing it, says the Court in Duffy v. Yardi, a 
decision from December 2024, citing RealPage-

[the] most persuasive evidence of horizontal agreement is 
the simple undisputed fact that each [lessor defendant] pro-
vided  [Yardi]  its proprietary commercial data, knowing 
that  [Yardi] would require same from its horizontal com-
petitors and use all of that data to recommend rental prices 
to its competitors. . . . It would clearly not be in any individ-
ual [lessor defendant’s] economic self-interest to contribute 
its data to  [Yardi] without knowing that it would benefit 
from its horizontal competitors doing the same.13

As more pricing decisions are completely outsourced, not 
handled internally to the company, that increases the like-
lihood of plaintiffs prevailing at motion to dismiss phase.

Third, once those pricing decisions are made externally, 
we also look at the price effect. In Yardi, the Western District 
of Washington held that “Yardi advertised its revenue man-
agement software to lessors as a means of increasing rates 
above those available in a competitive market.”14 Increasing 
rates lends itself to proving antitrust injury, and injury in 
fact.

This was also true of the US DOJ and certain States 
amended allegations in their RealPage cases.15 In the Real-
Page private Multidistrict Litigation case, in December 2023 
in the US District Court for the Middle District of Tennes-
see, the court described the nature of RealPage’s solicitations 
as promising customers would “out perform the market” by 
using software that “provide[s] the optimal price to charge 
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prospective tenants, with both short and long-term goals 
of increasing revenues by raising rents.”16 As if piquing the 
presiding court’s interest is not enough, it is these price 
increases on a crucial sector of the economy, rental housing, 
that increased attention elsewhere, as I discuss below. But 
back in the courts, there is one final concern.

It may be overstating it, but the final characteristic, 
sources of data, seems to be determinative. To wit:

Case Name Source of Data
Prevailing Party  
at MTD

Duffy v. Yardi Non-public, 
confidential17

Plaintiff

Cornish-Adebiyi 
v. Caesars 
Entertainment

Public18 Defendant

Gibson v. Cendyn Public19 Defendant

In re Realpage Non-Public20 Plaintiff

For example, because of its reliance on public pricing, 
even with exposure to some confidential information, in 
Gibson v. Cendyn, the May 2024 Hotels case in Las Vegas, 
the Court analyzed plaintiff ’s §1 hub and spoke conspiracy 
and found that above all, it was pleaded poorly, particularly 
as it related to the public nature of the data.21 Using logic 
akin to the Monsanto v. Spray-Rite test, where illegal conduct 
is “more consistent with collusion than with independent 
action,”22 and comparing the “algorithm”23 to an attorney 
getting better with passing time, the court notes that “using 
data across all your customers for research does not plausi-
bly suggest that one customer has access to the confiden-
tial information of another customer—it instead plausibly 
suggests that Cendyn uses data from various customers to 
improve its products.”24 

Certainly there is more to the pleading than just this fac-
tor, but this hurdle seems insurmountable for defendants 
to overcome. The exchange of confidential information 
amongst competitors, via a vertical intermediary, where the 
point is to effectuate a conspiracy, is old caselaw from the 
beginnings of our antitrust laws, exemplified by Interstate 
Circuit 25 and its ilk. 

So where is the line after analyzing these four cases? 
Going back to the example above, the former example—
of asking ChatGPT how to price your apartment—is quite 
clearly legal, despite the explicit line in the feedback: 

“Avoid underpricing below $1,800 unless the unit has 
location drawbacks (no parking, basement-level, or older 
HVAC).”26 

Asking for public pricing advice from a search engine or 
a chatbot where the user does not know where it gets its 
data, is the same kind of unilateral action as much as if I had 
asked Inquire within Upon Everything the same question in 
Victorian times.27 If Bob can do it, then so can a landlord.

The latter example above—the algorithm—is getting 
closer to the line, and indeed the US Department of Justice 

has authored a statement of interest declaring that that may 
in fact be the line.28 In the Hotels case, the US Department 
of Justice does not distinguish between these examples find-
ing that that outsourcing (delegation, in their words) is the 
most important: 

“Although direct communications among competitors can 
establish an agreement  . . .  there is no rule requiring proof 
of such communications. Section 1 reaches tacit [and] 
express agreements, and it prohibits competitors from dele-
gating key aspects of pricing decisionmaking to a common 
entity, even if the competitors never communicate with 
each other directly.”

These four concerns are reflected in the recent Proposed 
Final Judgment with Greystar, where the remedies agreed 
to include limitations on outsourcing pricing,29 no use of 
non-public pricing of competitors,30 and limitations that 
implicate potential price effects of landlord rates.31 These 
attempts to hold algorithmic colluders accountable are com-
mendable and it proves that these cases can succeed, particu-
larly when they are well-pleaded with ample evidence of the 
alleged conspiracy. This is how it should be.

However, is collusion the biggest concern with algorith-
mic pricing? I think not. 

Is it really ok to price your products based on specific 
information about individuals and competitors? My face-
book post likes, or your AI bot’s assessment of my age and 
corresponding medical needs?

As irritating as a conspiracy is, however, it is the con-
sumers, not just competition in the abstract that feel the 
pinch when algorithmic pricing mechanisms go awry. It is 
price discrimination by businesses amongst consumers that 
is the real problem. If I book a hotel, why should my neigh-
bor get it for cheaper on the same day? If I want to rent 
an apartment, why should my demographics matter to the 
price I pay? Should I be sending my kids to the grocery store 
instead of me because they don’t make a lot of money? 

We have a statute that protects distributors from this 
kind of price discrimination, but why not for consumers?

IV.  Robinson Patman is Not Enough
If our real concern with algorithmic pricing is that it is 
discriminatory, historically, when we thought about price 
discrimination, we thought about the Robinson-Patman 
Act. It is clear that this statute will not work for our plan 
to deal with algorithmic/ai/dynamic/discriminatory pricing 
for consumers. Although Robinson Patman has had a recent 
revival, many antitrust cognoscenti think that is has the 
potential to raise prices for consumers because if a distribu-
tor cannot charge different prices to different customers, he 
charges the highest price that he can.32 

But this is not why we can’t use Robinson Patman. What 
Robinson Patman does is prohibit price discrimination by 
a distributor to equally situated retailers (typically), where 
the effect of the sale reduces competition. Robinson Pat-
man applies “to commodities, but not to services” and “to 
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purchases, but not to leases.”33 The sales must be “within 
approximately the same time period” and of “like grade and 
quality.”34 And of course, there must be injury to competi-
tion. Generally, the customers in a Robinson-Patman action 
are businesses who buy from a manufacturer or distributor 
and find that Company A is getting a better deal than Com-
pany B for no reason. 

With the focus on injury to competition, Robinson-Patman 
cases are between businesses and not ultimate consumers.35

For ultimate consumers, there are other, new approaches. 
Congressman Greg Casar of Texas, has proposed H.R. 4640, 
which would make surveillance pricing illegal, enforceable 
by the FTC, State Attorneys General, and private parties.36 
In his factsheet on the bill, Congressman Casar lists prac-
tices including charging riders more for their car service 
if their phone battery is low, or Kroger having electronic 
shelving labels to provide individual prices for groceries.37 
Legislation to make these practices illegal might help fill the 
regulatory gaps in Robinson-Patman, because that statute 
does not focus on consumers.

Of course, like Robinson-Patman (and even without 
regulation), banning algorithmic pricing may lead to price 
increases. An analysis done by The Economist newspaper 
found that when responding to widespread criticism of its 
targeted pricing that raised rates for business travelers v. lei-
sure travelers, Delta Airlines suspended targeted pricing and 
raised rates for everyone across the board.38

Despite these concerns and because “a single courageous 
state may, if its citizens choose, serve as a laboratory, and 
try novel social and economic experiments without risk to 
the rest of the country.”39 State and local governments have 
embraced the Robinson-Patman principle, that algorithmic 
and dynamic pricing exacerbates pricing opacity and per-
ceived unfairness, and have applied it to consumer-facing 
laws.

V.  State Officials are Looking at This Issue
According to the National Conference of State Legislatures, 
in just the 2025 legislative session, all fifty states and half of 
the territories have introduced legislation related to artificial 
intelligence. Over 75 measures have passed.40 Most concern 
pricing discrimination based on illegal category discrimi-
nation, such as race and sex, while few focus on whether 
algorithms are hard coded to fix prices, or whether artificial 
intelligence is learning to collude because it adaptive and 
probabilistic.41 Some bills take the price discrimination con-
cept a step further and target industries that are crucial to 
local economies. Amongst the hundreds of measures that 
have been considered nationwide, below are some of the 
most groundbreaking.

i.  New York. New York City was at the forefront of algo-
rithmic pricing discrimination legislation. In 2021, the City 
passed Local Law 144, that banned the use of automated 
employment decision tools unless audits to prevent bias 
were done.42

This groundbreaking ordinance specified that com-
puter-based models that used machine learning, statistical 
modeling, data analytics, or artificial intelligence that “sub-
stantially assists” employment decisionmaking were prohib-
ited unless they used an independent auditor to conduct a 
bias audit.43 This statute inspired many of the related state 
and local laws that followed.44

ii.  Colorado. States truly are the laboratories of democ-
racy, and to be that laboratory, someone needs to go first. 
For algorithmic pricing, it was Colorado in 2024. Mistak-
enly billed as “comprehensive AI legislation,” it is specific to 
algorithmic pricing discrimination, but is industry agnostic, 
encompassing education, employment, finance and lend-
ing, government, health care, housing, insurance, and legal 
services.45 It addresses discrimination that disfavors an indi-
vidual or group of individuals on the basis of their actual or 
perceived age, color, disability, ethnicity, genetic informa-
tion, limited proficiency in the English language, national 
origin, race, religion, reproductive health, sex, veteran sta-
tus, or other classification protected by Colorado or the fed-
eral government.46

As always, with the first legislature out of the gate, some 
mistakes were made, particularly regarding definitions, 
and it is in these definitions where the first violations that 
are charged will likely fail. The Colorado statute violates 
Gwendolyn’s Rule Number one, because in the definition 
of “Algorithmic Discrimination” is “the use of an artificial 
intelligence system [that] results in discrimination . . .” and 
artificial intelligence is defined as a “machine-based system” 
that “infers outputs.”47 While artificial intelligence and 
likely machine learning systems would fall under the statute, 
hard-coded algorithms, despite the title of the statute (which 
under the rules of statutory construction is not included as 
part of the definition)48 would not be proscribed by the act.

Reservations about language aside, what this statute 
aims to do—rather than banning this type of pricing alto-
gether—is address concerns about potential discrimination 
in all sectors of Colorado’s economy, rather than the specific 
concern raised by other states. 

iii.  Wisconsin. More typical are states like my own, 
Wisconsin, where a bill was introduced in March 2025 that 
addresses one of the biggest drivers of artificial intelligence 
pricing legislation, and would ban the sale or use of “algo-
rithmic” pricing software to set rental rates for dwelling 
units.49 

While there is some work to be done on that bill—there 
is a circular definition of algorithmic software, for exam-
ple,50 this bill is interesting because it is an attempt to get at 
why state legislatures are drafting these bills in the first place. 
While the former statutes are quite clearly attempt to get 
at the problem of algorithmic pricing, i.e. discrimination, 
this bill aims to get at the other concern that has driven the 
uptake of these statutes across the country: published find-
ings that algorithmic software is driving rent prices higher.51 
The White House Counsel of Economic Advisors issued 
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a report in December of 2024 which found that “coordi-
nated rents from algorithmic pricing cost renters . . . 4%. . . 
nationally.”52 

While alarming, most readers of the report—and indeed 
most legislatures—failed to notice that it states, “In our 
analysis, we do not quantify the overall effect of algorith-
mic pricing on rents, but instead isolate the anticompetitive 
effect of price coordination.”53 So it is not the algorithm that 
is the problem, it is the fact that the algorithm is a front for 
an alleged conspiracy.

Another way to look at this is that we don’t necessarily 
see low prices in cities where algorithmic pricing software 
utilization is less common.54 Compare New York City 
(low usage of algorithms, average price for a one bedroom: 
$4045),55 versus Atlanta (high usage, $1915)56 because high 
rental prices have complex origins.

We all agree that collusion is bad. However, in the same 
way that there was a recent vogue to blame high prices in 
pharmaceuticals on lax antitrust enforcement,57 rather than 
the root cause (i.e., greed); high rents are also multifactorial. 
Notably: greed, supply and demand, inflation, restrictive 
building codes, and a generation unable to afford homes, 
all indicate that rental pricing is more complicated than a 
simple “antitrust can fix it” model would allow.58 

Algorithmic pricing statutes, like Colorado’s ground-
breaking one, limit discrimination against protected class-
es.59 But they do not ban rent increases. Even Wisconsin’s 
proposed bill banning all algorithmic pricing in rental mar-
kets do not mean that landlords won’t find other ways to 
raise prices. With an ever-changing local legislative land-
scape, is it really the case that “[i]t’s going to be: Whatever 
you can get away with, it’s legal”?

VI.  What Should Practitioners Advise their Clients 
About This?
In an uncertain landscape where legislators are flailing in 
the dark to attempt to solve a problem they clearly don’t 
fully understand, how should you advise your clients about 
how to comply with state pricing laws and to avoid potential 
antitrust liability? 

There are some practical things that can be done. First, 
attorneys should ensure that their clients who create or 
use systems like these are defining pricing benchmarks for 
themselves, and not sharing them. What does that mean? 
Set limits. No huge price increases day over day, set a price 
ceiling for your products in your AI/Algorithm system. 

Secondly, as the CMA advises, encourage accountability 
by keeping a human in the loop.60 This will help ensure that 
things are both working smoothly for the business and that 
pricing hasn’t gotten out of control. This person will also 
serve as a useful point of contact if antitrust enforcers or 
class plaintiffs come knocking. 

Third, as any good technologist will tell you, there needs 
to be random sampling, stratified checks, and audits of your 
pricing system. This is easier than ever before because of 

AI-assisted coding, and can ensure that price anomalies are 
caught early, and there are no million-dollar cans of tuna 
being sold by your system. Having an internal governor 
both ensures that companies can extract maximum value 
and also proves an excellent defense when plaintiffs lawyers 
try to show that your client intended to conspire with its 
competitors because its algorithm exactly matches its com-
petitor’s price.

While we don’t have clear caselaw on what kinds of sys-
tems are under the most scrutiny in hub and spoke conspir-
acy allegations, facts matter. To the extent that your clients 
are attempting to market their products as allowing every-
one to raise prices—courts have not looked favorably upon 
that, and so managing marketing impulses may be in order. 
Have your clients consider which products should be about 
capturing share rather than extracting maximum prices. 
Similarly, blending public and non-public competitor infor-
mation to determine pricing has been frowned upon, so 
one might advise clients to create internal firewalls that are 
demonstrable (or articulatable) in court.

Advising clients about complying with state statutes and 
local ordinances: for now, most importantly, don’t use pro-
tected characteristics to price discriminate. This also gener-
ally seems like a good idea for humanity. 

Turning to our elected officials, my humble advice for 
states and municipalities that look to ban undefined “algo-
rithms” for use in pricing is not as straightforward, other 
than to use proper definitions. And they should know that 
these are an imperfect solution, as The Economist found, and 
are unlikely to result in price reductions, so should not set 
themselves up for future criticism when these bills fail to 
achieve the desired end of lower rental prices. Perhaps legis-
latures can pitch them as “taking reasonable steps to ensure 
a fair marketplace” rather than an inexpensive one.

VII.  Conclusion
We are in uncharted waters now on “algorithmic” pricing. 
Smart lawyers are advising their clients on what will look 
best when they inevitably get called before a federal judge, 
while keeping a close eye on the algorithmic collusion 
cases. While there are not yet bright lines, and a patchwork 
of laws around the country, showing that companies have 
taken practical steps to safeguard against collusion and dis-
crimination should help when the government comes to 
call.

There are no perfect solutions for businesses and for con-
sumers here, either. Many of these statutes may not achieve 
their desired ends. 

While legislatures at the local, state, and federal level are 
taking steps to ensure that businesses are accountable, busi-
nesses need to make sure that they hold themselves account-
able. In the meantime, consumers should remain vigilant 
and might consider sending their teenagers to the grocery 
store rather than the person with the Amex Black card, just 
in case. ■
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